
[I â€˜C]iomazenil benzodiazepine receptor binding with PET.

Some of the methods use simultaneous fitting of the data from
multiple brain regions in conjunction with coupled parameters.
This approach was successfully applied to cardiac@ â€˜C-acetate
studies by Raylman et al. (13).

MATERIALS AND METhODS

Theory
The following derivations follow the work by Koeppe et al. (9).

Compartmental modeling of receptor ligand usually starts with
model as shown in Figure 1, which consists of four compartments
corresponding to extractable ligand in arterial plasma (Cp), free
ligand in tissue (Ct), ligand bound nonspecifically (Cns) and
specifically (Cs). The following six rate constants describe the
exchange of ligand between the different compartments:

Ki = CBF x E [mlg@ min']

k3 = kon Bmax [min']

k4 = koff[min@]

Kd = koff/kon

k31k4 = Bmax/Kd,

The in vivo binding kinetics of r1C]iom@enil, a central benzodiaz
epine antagonist, were analyzed using PET and compartmental
modeling. This method usof interest because it allows validation of
the SPECTtracer r23uiom@enil.Methods: The experimental pro
tocol consisted of serial PET imaging following a single bolus
injection of the radioligand. Imaging was performed on five healthy
young volunteers over 106 mm. The tissue time-activity curves of
various brain regions were analyzedwith models consisting of two

pk2'@and three(Ki , k2', k3', k4)compartments.Someof the
methods use simultaneous fitting of the data from multiple brain
regions coupled with common parameters. Distribution volumes
and k3-based parameters [(K1/k2') k3' and k3')] were chosen to
represent receptor density. Goodness of fit was assessed with
F-test statistics and chi-square analysis. Results Compared with
the two-compartment model, goodness of fit was significantly
improved by all three-compartment configurations. Of the three
compartment models, goodness of fit was similarfor the configura
tions with K1/k2', k4 or no parameter coupled, and slightly worse
when both parameterswere coupled.The most reliableestimatesof
receptor density were Obtainedfrom the specific distribution vol
umes (DVs)calculated with the three-compartment model, and the
couplingof k4 or both k4 and K1/k2'. Dueto oversimplificationof the
kinetics,the DVvaluescalculatedwith the two-compartment model
were underestimated.Conclusion: Reliablequantitativeinformation
regarding benzodiazepine receptor density following bolus injection
of iomazenil is best obtained by tracer kinetic modeling that uses a
three-compartment model and parametercoupling.
Key Words: carbon-i 1-iomazenil; benzodiazepine receptors; PET;
kinetic modeling
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Changesincentralbenzodiazepinereceptordensityhavebeen
reported in various neurologic disorders such as epilepsy (1â€”6)
and neurodegenerative diseases. Until recently, the quantitative
in vivo assessment of neuroreceptor status required PET. A
suitable PET ligand for benzodiazepine receptors is @Iâ€˜C]-
flumazenil and its binding kinetics have been evaluated by
different groups extensively (7â€”9).It appears that quantitative
evaluation of neuroreceptors is also possible with the less
expensive and more widely available latest generation of
SPECT cameras. The methods formerly restricted to PET have
been successfully applied to the evaluation of the binding
kinetics of [â€˜23I]-iomarenil measured with SPECT in animals
(10, 1 1 ) and in humans (12). Since PET is still the gold standard

in quantitative imaging, however, analogous SPECT procedures
have to be carefully validated. To allow a direct PET-SPECT
comparison, we labeled iomazenil with@ â€˜Cand 1231 and
performed binding studies with both modalities in a group of
healthy young volunteers. The purpose of this part of the study
was to evaluate different receptor related parameters derived
from two- and three-compartment models for the quantitation of
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Eq. 1

Eq. 2

Eq.3

Eq. 4

Eq. 5

where Kl = blood-to-brain transport of ligand, CBF mass
specific blood flow (ml g â€m̃in â€˜),E = first-pass extraction
fraction, kon = bimolecular association rate between ligand and
receptor, Bmax density of unoccupied receptors, koff = disso
ciation rate ofligand from receptors, and Kd = equilibrium binding
constant for specific receptor sites. When there is rapid equilibra
tion between the free and nonspecific compartment, model a can be
reduced to model b.

The following relationships exist between the rate constants of
models a and b:

k2' = k2/(l + kS/k6) = K1IDV' = Kl/DVfl1 + k5/k6)

= Kl/DVf+ ns Eq.6

k3' = k3/(l + k5/k6) = kon Bmaxl(1 + k5/k6), Eq. 7

where DV' = DVf(l + k5/k6) = DVf+ns is the summed
distribution volume of the free and nonspecifically bound ligand.

The distribution volume (DVs) of the specifically bound ligand
is defined as:

DVs (Kl/k2') (k3'/k4). Eq. 8

As described by Mintun et al. (14), DVs can be expressed in terms
of the binding potential (BP = Bmax/Kd):

DVs = (Kl/k2') (k3'1k4) K1/k2 k3/k4

= K1/k2 Bmax kon/koff= Klfk2 BP. Eq. 9

Assuming passive diffusion of iomazenil across the blood-brain
bamer, K! is equal to k2 ifno protein binding occurs in the plasma.
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PET
PET imaging was performed on a scanner with 7â€”8 mm

reconstructed resolution. Data from four rings were acquired
simultaneously, thereby allowing the reconstruction of seven
planes with a slice-to-slice separation of 8 mm.

Head motion during scanning was restricted by the use of an
individually fitted polyurethane mold. After placement of a radial
artery and cubital vein catheter, the subjects were positioned supine
in the scanner with their eyes and ears unoccluded. Before
radioligand injection, a 10-mm transmission scan was obtained to
correct for attenuation. Scanning was performed parallel to the
orbitomeatal line with a field ofview of5.6 cm. The inferior border
was positioned 3 cm above the orbitomeat@illine. After intravenous
injection of 111â€”222MBq (3â€”6mCi) [â€˜â€˜C]iomazenilas a slow
bolus over 4.5 mm with an infusion pump, dynamic PET scans
were obtained: four 1-mm, three 2-mm, three 7-mm, five 10-mm
and one 15-mm. -

Timed arterial blood samples were withdrawn into heparinized
syringes every 30 sec for the first 6 mm, followed by progressively
longer time intervals until the end of the scanning period.

Blood and Plasma Analysis
Eq. 10 Blood samples at 1, 2, 3, 4, 5, 6, 8, 10, 14, 20, 30, 40, 60, 75 and

90 mm were analyzed for metabolites using chloroform separation.
After centrifugation, 0.5 ml plasma was aÃ˜dedto an equal volume
of borate buffer (0. 1 M H3B03/NaOH, 0.05 M KC1, pH = 11) and
1 ml chloroform. After vortexing for longer than 1 mm, the sample
was centrifuged for 7 mm at high speed at 15Â°â€”20Â°,after which a
0.5-ml water layer and a 0.5-ml chloroform layer were pipetted and
counted. At the chloroform-water boundary, a solid phase of
denatured protein was found in the chloroform layer which was
also counted in three cases. The amount of nonextractable protein
bound radioactivity was also calculated by subtracting the activity
in the water and chloroform layers from the total activity counted
in the plasma layer.

Eq. 12 The radioactivity in the chloroform layer represented the amount
of authentic plasma iomazenil Cp and was confirmed by HPLC
analysis (Nucleosil-Cl8, 10 @,250 X 4 mm, eluting with 65
mmole H3P04/acetonitril [60/40]) of th@ chloroform and water
layers of the 5- and 10-mm samples (12). An on-line high
sensitivity radioactivity detector was usCd in series with a UV
detector.

Data Analysis
The plasma data (well counter units, @pm)were expressed in

scanner units by doing a calibration measurement using a 20-cm
cylindrical phantom.

Emission data were then attenuation-corrected and reconstructed
on a 128 X 128 matrix using filtered hackprojection (Hanning
filter), which yielded seven transaxial slices with a slice-to-slice
separation of 8-mm. -

Regions of interest (ROIs) were defi@iedover the occipital,
frontal, lateral, temporal and cerebellar@ cortices, the striatum;
thalamus and pons, and the corresponding tissue time-activity
curves were calculated.

Five different model configurations were implemented for anal
ysis of the regional iomazenil kinetics. The most simple configu
ration was the two-compartment model (model c), while the most
complex was the three-compartment mod@1(model b). The other
three configurations were based on the three-compartment model
with different combinations of parameter constraints. The different
methods are summarized in Table 1. In methods B, C and D, the
value of the coupled parameters was determined by fitting model b
to the data of all regions, with the exception of pons, with the
condition that the coupled parameters be the same for all the
regions. Data from the pons were not included because of noise.

FiGURE1. MOdelconfigurationsfor
the assessment of [11C]iomazenil
bindingto benzodiazepinerecep
tors. Cp = free ligandin plasma
tissue,CF = free ligandin tissue,
CNS = nonspecificallybound Ii
gand,Cs - specificallybound Ii
gandand BBB = blood-brainbar
tier.

K11k2 = fl,ork2 Kl/fl

(Kl/k2') k3' = (K11k2) k3 = (Klfk2) Bmax kon

or, considering Equation 10:

(Kl/k2') k3' = ft Bmax kon.

1(2â€•= k2'/(l + k3'/k4) = k2/[(l + k51k6)/(1 + k3'/k4)]

= k2/(l + k5/k6 + k31k4) = KI/DVâ€•,

Chemistry
Carbon-l l-iomazenil was prepared as previously described (15).

Briefly, [â€˜â€˜C]methyliodide([â€˜â€˜C]-MeI)was prepared from [â€˜â€˜C]-
CO2 by reduction with LiA1H4in dry THF and, after removal of the
THF, subsequent reaction with HI. The [â€˜â€˜Cl-Melwas reacted with
demethyl-iomazenil in 200 @lDMF with NaH for 2 mm at 70Â°.The
[I â€˜C]MeI was purified by HPLC over Nucleosil-Cl8, 10 .t, 250 X

8 mm (Knauer) eluting with 65 mM H3P04/acetonitrile (69/31).
Chemical and radiochemical purity and specific activity were

assayed by analytical HPLC with 65 mM H3P04/acetonitrile
(60/40) over Nucleosil-Cl8, 10 @,250 X 4 mm. The amount of
iomazenil carrier was determined by comparing the UV signal with
a standard value.

With protein binding, Kl/k2 represents the fraction of free ligand
in plasma (fi) when the total ligand in plasma (free plus protein
bound) is taken as the input curve:

The combination of Equations 9 and 10 yields the following
relationship between DVs and BP

DVs=fBP Eq.ll

Another potentially useful parameter related to receptor density is
(K1/k2') k3'. Inserting k2 and k3 from Equations 6 and 7 yields the
following relation:

Moreover, if there is rapid equilibration between the two tissue
compartments of model b and model a, further reduction to model
c is possible.

where DVâ€•= K11k2â€• DVf + DVns + DVsp is the total
distribution volume of ligand in tissue.

Subjects
Five healthy university students (aged 20â€”23yr) were recruited

for participation in the study. None had a history of psychiatric or
neurological disorders or drug abuse. Informed consent was ob
tamed from all patients and the study was approved by University
Hospital.
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MethodNo.
of

compartmentsMOdelCoupledparametersReceptor-relatedoutcomemeasuresA2cNoneDV'B3bK1/k2',

k4DVs, K1/@c2'x k3',k3'C3bK1/k2'DVs,
K1/k2'x k3',k3'D3bk4DVs,
K1/k2' x k3',k3'E3bNoneDVs,
K1Ã±Q'x k3', k3'

RegionChi

sqtiara(reduced)A

BCDECerebellum

%COV= percentagecoefflcientofvariation(s.dimeanx 100)amongthe
fivesut@ects.

TABLE I
Fitting Strategies

simulated time-activity curves were generated by adding pseudo
Gaussian noise with a s.d. of 10% to the model-predicted values of
the time-activity curves at the time-points of the scans. These
simulated curves were then refitted with the corresponding model.
The coefficient of variation (s.d./mean) from 60 runs was taken as
a measure of identifiability. Another measure for stability is the
coefficient of variation among the five subjects.

Sometimes the diagonal of the covariance matrix is used as a
measure for identifiability. Limitations of this method include the
fact that the values represent a linear approximation to an inher
ently nonlinear problem, and that combinations of parameters
cannot be evaluated. These limitations, however, are avoided by
the Monte Carlo simulation.

Stability ofihe Kinetic Parameters Versus Studv Duration. For
methods A and E (two- and three-compartment models with no
parameter constraints) the stability of the parameters as a function
of study duration was estimated by consecutively shortening the
fitting interval.

RESULTS
Specific activity ranged from 11 to 25 Ci/mmole. Receptor

occupancy was estimated as follows: maximum uptake of [I â€˜C]
activity in the different regions was determined in (Bq/ml) and
assumed to represent specific binding of iomazenil to receptors.
Bmax in occipital cortex was assumed to be 160 nM (12). These
assumptions yielded an estimate of occipital receptor occu
pancy ranging from 10% to 22%.

Figure 2 illustrates the improvement of the fit in occipital
cortex and cerebellum with the three-compartment model (no
parameter constraints) compared to the two-compartment model.
In both regions, although more pronounced in the cerebellum,
there is considerable bias in the fit with the two-compartment
model which is completely removed by the three-compartment
model.

Reduced chi square analysis (adjusted for degrees of free
dom) as a measure of goodness-of-fit is shown for the different
methods in the cerebellum and occipital cortex in Table 2. In all
regions except the pons, F-test statistics demonstrated a highly
significant reduction in the sum of squares (j < 0.01) for all
methods using three compartments compared to the two-compart
ment model. Among the methods using the three-compartment
model, there was still a significant difference between method B
and method E, but not between methods C or D (constraining I
parameter) and E (no parameter constraints).

Table 3 summarizes the fitting results for the receptor-related
parameters derived from the different methods. In the receptor
poor regions pons and striatum, method C yielded physiologi
cally meaningless values for k3', k4, and subsequently DVs and
Kl/k2' x k3', in two subjects.

Table 4 demonstrates the values for the transport-related
parameter Kl , the nonspecific distribution volume DV' and k4

TABLE 2
Goodness-of-fitin OccipitalCortexandCerebellum

The parameter values for the pons were then separately calculated
with the coupled parameters that were fixed to the values calcu
lated with the fit to other regions. Since the total activity measured
in a region is composed of counts from tissue and blood, all models
contained a parameter (a) to correct for blood activity:

CR0! = (1 â€”a) CT + a Cblood,

where CR01 = PET counts in a ROl, a = the percentage of
intravascular space in tissue, CT = iomazenil counts in the
extravascular compartment and Cblood = total blood activity.
Parameter a was fixed to 5%.

Measures for Receptor Density
In the two-compartment model, the total distribution volume

(DVâ€•)was considered an acceptable measure for receptor density if
specific binding was high compared to nonspecific binding. In the
three-compartment model, the distribution volume of the specific
compartment (DVs), parameter k3' and the combination Kl/k2' X
k3' were calculated. DVs is closely related to the binding potential
shown in Equation 11. Parameter k3' will be a good measure of
kon Bmax if there is not much variation in nonspecific binding
(e.g., k5/k6 is relatively constant, Equation 7). Parameter Kl/k2' X

I is directly proportional to konBmax if the fraction of free
iomazenil in plasma is relatively stable (Eq. 12).

Assessment of Methods
Several criteria were used to assess the quality of the methods.
Goodness-of-fit. The goodness-of-fit of the different models was

compared using F-test statistics and chi-square analysis.
Ident@flabilityofthe Kinetic Parametersfor Full Study Duration.

The identifiability of the parameter estimates was assessed by
means of a Monte Carlo simulation. For each model and ROI,
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DV'

Region ADVsDVsDVsDVsK1/R2'x

k3'k3'BCDE

BC0 E B C D E

Cerebellum

*M@ and % COy sub of only three subjects; in two subjectsthe valueswere PhyelOkgICaIIymeaningless.
Mean= meanvaluesof thefivesubjects;% COysub = percentagecoefficientof variation(= s.dimeanx 100)amongthefivesubjects;% COyaim

= mean ofthe % COy detived from the Monte Carlo simulation in the five subjects; higMow = (occipital + frontal + temporal)/(pons + striatum + thalamus).

Valuesfor DVare givenin mlg1, K1/k2' x k3' in ml min1 g1 and k3' in min1.

TABLE 3
Estimatesfor Receptor-RelatedParameters

Mean13.310.81 1.69.510.70.560.480.470.410.160.140.100.09%
COysub33.433.529.230.225.949.753.936.949.156.448.321.114.7%
COVsim3.76.29.45.530.48.414.64.321.411.014.24.227.9FrontalMean20.218.418.817.718.10.950.880.880.850.280.270.170.18%

CCVsub24.924.927.728.432.341.629.635.730.546.124.021.313.7%
COyaim5.16.68.97.911.69.117.17.318.511.316.87.214.1OccipitalMean25.723.824.422.022.71

.221 .261 .051.160.360.370.190.20%
COysub20.519.923.618.226.137.749.333.838.146.026.617.515.3%
COVaim5.96.79.16.814.310.016.46.326.511.816.53.531.5PonsMean3.72.61

.46k1 .12.90230.14*0.240.240.110.03*0.060.10%
COysub91.789.0148.1*187.067.7155.0216.0*155.0154.388.0209.5*105.076.8%
COysim3.534.1217.289.212.938.256.489.914.146.364.489.921.3SttiatumMean6.43.55.88*4.74.70.180.19*0.230.260.050.06*0.050.10%

COysub55.189.234.0*56.863.4102.092.8*66.457.386.188.0*30.629.8%
COyaim3.324.834.110.813.525.923.610.029.627224.017.641.6TemporalMean20.319.019.516.617.00.880.880.780.800.300.300.130.13%

CCVsub21.823.628.026.533.735.338.430.033.049.029.422.516.5%
COyaim5.27.08.28.518.610.515.37.628.212.914.97.428.9ThalamusMean8.66.16.36.66.80.310.340.330.380.090.100.080.10%

COVsub29.237.721.430.423.344.353.140.947.754.562.447.323.3%
COVsim3.37.712.45.515.29.517.14.717.512.116.87.523.5High/Low3.524.994.334.544.024.244.433.353.223.764.912.561.73

as calculated with the different methods. Also indicated is the
coefficient of variation among the subjects (%COVsub) and the
mean of the coefficient of variation determined in the Monte
Carlo simulation (%COVsim).

The effect of shortening the study duration on parameters
DVâ€•(two-compartment model) and k4 (three-compartment
model, no parameter constraints) is demonstrated in Figure 3,
upper panel. There is considerable underestimation of DVâ€•for
study durations less than 100 mm. This effect is due completely
to the application of the over-simplified two-compartment
model to data generated with the three-compartment model. The
lower panel of Figure 3 demonstrates the identifiability of k4 as
function of study duration. The result of 60 runs of a Monte
Carlo simulation, in which tissue-time activity curves were
generated with the three-compartment model (same parameters
as in the left panel) and the addition of 10% pseudo-Gaussian
noise is shown. The estimation of k4 becomes unstable for
study durations less than 70 mm. Accordingly, the estimation of
the distribution volume DVs, which is critically dependent on
k4, showed the same trend.

DISCUSSION

Specific Activity
To deduce information on receptor density from the kinetic

analysis ofbinding data, it is important to estimate what fraction
of the available receptors became occupied by the injected
ligand. If that fraction is negligible, parameter k3 reflects the
product of Bmax and kon. If considerable receptor occupancy
occurs, however, the amount of receptors available for binding
becomes time-dependent and k3 will be reduced. The specific
activity of our iomazenil was relatively low and the estimation
of receptor occupancy shows that receptor occupation in the

range of lO%â€”2O%may have occurred. It is therefore possible
that the â€ẽstimates and the parameter combinations related to
it are underestimated by a similar amount. Such a systematic
bias, however, should not severely affect the evaluation of the
model alternatives and outcome measures for receptor density.
The relative performance of the various methods tested can be
evaluated through comparison of the parameter estimates pre
sented in Tables 3 and 4.

Two-Compartment Versus Three-Compartment Model
Goodness-of-fit. Visual analysis of the fit in a cerebellar and

an occipital region reveals evident bias in the fit with the
two-compartment model (Fig. 2). Since the exchange of ligand
between the nonspecific and specific compartments is faster in
the areas with high receptor densities, tI@esecompartments tend
to act kinetically more like one compartment in the receptor
rich areas. This explains why bias is more pronounced in the
cerebellar rather than the occipital coi'tex. Evaluation of the
goodness-of-fit by chi square analysis demonstrates the same
result. The reduction in chi square when using the three
compartment model with no parameter Constraints compared to
the two-compartment model is more pronounced in the cere
bellar than occipital cortex (90% versus 60% reduction, Table
2). The same tendency was also obseryed for flumazenil (9).
This bias leads to an underestimation of Kl and DV values with
the two-compartment model. The underestimation of DVâ€•
values is not evident from the numbers in Table 3, since the
distribution volume of the two-compartment model represents
specific plus nonspecific binding, whereas DVs of the three
compartment model are assumed to reflect only specific bind
ing. One can also calculate the distribution volume of total
tissue binding with the three-compartmeflt model [DVtot3comp
= Kl/k2 â€˜(I + k3 â€˜/k4)].Linear regression yielded: DVâ€•2comp
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K1DV'k4Region

A B C 0EBC0EBC0ECerebellum

Mean 0.29 0.37 0.38 0.350.363.553.364.344.590.0510.0410.0500.040%
COysub 29.5 39.0 38.6 29.830.334.430.5 48.541 .031 .034.431.538.2%
COyaim 2.6 4.3 4.4 4.38.04.23.25.010.38.821.04.533.6Frontal

Mean 0.30 0.38 0.38 0.370.393.553.364.464.000.0510.0500.0500.051%
COysub 26.5 30.7 342 35.240.034.430.5 31.040.431 .030.631.531.5%
CCV @m 2.6 4.3 4.4 4.38.04.2329.19.28.820.34.527.4Occipital

Mean 0.34 0.42 0.43 0.380.413.553.365.775.580.0510.0530.0500.059%
COVsub 24.8 25.7 32.4 27.128.534.430.523.526.931.047.131.540.3%
COyaim 2.7 4.6 5.0 3.76.64.23.25.623.88.820.14.538.9Pons

Mean 0.23 0.32 0.22 0.190.323.553.363.211.520.0510.020*0.0500.062%
COVsub 41.3 45.0 53.5 41.035.934.430.543.171.931.0154.1*31.576.0%
COy @m 3.4 9.0 52 3.58.74.23.2 3.51 1.88.820.14.518.9Sttiatum

Mean 0.24 0.29 0.29 0.310.313.553.362.952.420.0510.036'0.0500.060%
COysub 31.3 40.0 38.5 33.234.134.430.5 35.638.131 .094.6*31.531.3%
COVaim 3.0 3.8 4.2 5.16.04232 8.41 1.98.8122.14.535.4Temporal

Mean 028 0.35 0.36 0.320.323.553.365.795.900.0510.0480.0500.058%
COVsub 23.4 27.1 31.7 25.126.434.430.516.816.231.046.731.546.3%
COyaim 2.5 4.4 4.8 3.77.54.23.29.29.08.819.14.545.5Thalamus

Mean 0.29 0.39 0.38 0.470.423.553.363.192.680.0510.0510.0500.057%
COVsub 34.9 46.7 41.2 67.044.734.430.5 65.843.231 .045.231.532.3%
COVaim 2.9 4.6 4.3 5.26.94.23.26.310.08.824.44.524.3*M@,

and % COy sub of onlythree subjects; intwo subjects,the valueswere phySIOIOgiCaIIymeaningless.Values
for K1 are given in ml min' g1 and k4 in min1.

TABLE 4
Estimatesof Ki , DV' and k4

= 0.90 DVtot3comp â€”0. 11, r = 0.99 (all regions, all subjects),
which demonstrated a 10% underestimation of DV with the
two-compartment model.

Parameter Ident@flability. The coefficient of variation calcu
lated with the Monte Carlo simulation ranged from 2.5%â€”3.4%
for Kl and 3.3%â€”5.9% for DVâ€•.These values are clearly the
lowest of all methods, thereby demonstrating that the two
compartment model yields the most stable estimates of Kl and
DVâ€•.

Estimates ofKinetic Parameters Versus Scan Duration. The
underestimation of DVâ€•is furthermore dependent on scan
duration, as DVâ€•underestimation gets progressively more
pronounced in scans of less than 100 mm (Fig. 3, upper panel).
This is in agreement with results from experiments in monkeys
that demonstrated similar underestimation in scans of less than
120 mm (16).

With the three-compartment model, the critical parameter
with regard to identifiability turned out to be k4 (Figure 3, lower
panel). With less than 70 mm of data, the coefficient of
variation increased remarkably. With SPECT and the same
model, an overestimation of the binding potential was demon
strated for scan durations less than 50â€”60mm (12).

All these considerations indicate that the two-compartment
model is not complex enough to accurately reflect the kinetics
of iomazenil, even in the areas with high receptor density. This
is in contrast to flumazenil, where the two-compartment model
was sufficient to describe the kinetics, except in areas with very
low receptor densities (9). That difference is probably due to
the considerably higher dissociation rate k4 of flumazenil
(0.12â€”0.41 versus 0.04â€”0.06 min â€˜)that allows a faster
exchange of ligand between the nonspecific and specific com
partments. The longer minimal scan duration required to obtain
stable DVâ€•values is a further disadvantage of the two
compartment model. Based on these observations, the two
compartment model is considered less suitable to derive accu
rate receptor estimates than a three-compartment configuration.

Three-Compartment Models
For the transport parameter Kl identifiability is somewhat

better for the models with parameter constraints compared to
the full three-compartment model (%COV 4.3%â€”4.4%, for
methods Bâ€”Dversus 8% for method E, Monte Carlo simula
tion).

Range ofReceptor-Related Parameters. The range of recep
tor related parameters Kl/k2 X k3 â€˜is compressed with method
D and E, of parameter k3 â€w̃ith methods B, D and E (ratio of
DVshigh/DVslow <3). Based on this observation, these com
binations of parameters and methods seem unsuitable for the
estimation of benzodiazepine receptor density and are not
further discussed. For the remaining combinations the ratio
ranges from 4.02%â€”4.99%.

!dent@/Iability of Parameter Estimates. Of the combinations
of parameters and methods with a range >4, parameter DVs
displays a smaller coefficient of variation than Kl/k2 X k3 â€õr

I@ For DVs the methods with parameter constraints show less
variability in all regions, except in the pons and the striatum,
than method E, which had no parameter constraints. Method C,
which constrains the nonspecific distribution volume DV' to a
common value, shows an exceedingly high coefficient of
variation of 217% in the pons. In two subjects the method
yielded even physiologically meaningless values for DVs. A
likely explanation was previously described.

In the areas with medium-to-high receptor densities, DVs
estimated with methods B and D show a lower coefficient of
variation compared to method C. Based on this finding, and the
earlier observation that the range of DVs is higher than the one
ofk3 â€˜and Klfk2' k3 â€˜,DVs values derived from methods B and
D are considered to yield the most accurate estimates for
receptor densities.

Goodness-of-fit. Among the three-compartment configura
tions, there is still a small but significant (F-test) difference
between methods B and E, but not among methods C, D and E.
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6.7, 6.5 and 4. 1 for methods B, C and E, respectively.
Displacement experiments with flumazenil have shown that
approximately 13% of total binding of iomazenil is non
replaceable in cortical regions (12 ). This yields a DVs-to-DV'
ratio of 6.7, which is in excellent agreement with the ratio
determined with methods B and C. Identifiability ofDV' is also
clearly improved with these methods as is demonstrated by the
smaller coefficient of variation. In two subjects, however,
method C did not yield reasonable values for k3', k4 and
subsequently DVs. A likely explanation is discussed later.

Estimation of k4
Using the three-compartment model with no parameter con

straints, the dissociation rate k4 displays the lowest identifiabil
ity of the presented parameters with the coefficient of variation
(Monte Carlo simulation), ranging from 18.9% to 45%. Identi
fiability is considerably improved by the methods that estimate
a common value for k4 (8.8% for method B, 4.5% for method
D). With the full three-compartment model, the value for k4
ranged from 0.04â€”0.06 mi' ; both methods with a common
k4 yielded a value of 0.05 min â€˜. These values are higher than
those reported by Abi-Dhargam et al. (12) in their SPECT study
(0.014â€”0.034 min â€˜).The reason for this discrepancy is not
clear.

Coupling of Multiple Regions by Common Parameters
Constraining parameters is a common method to improve the

reliability of parameters estimated with models of higher
complexity (9, 17). It is based on the assumption that certain
physiological properties such as nonspecific binding do not
vary among the ROIs substantially. A common approach is to
estimate the nonspecific distribution @olume(K1/k2') in a
region devoid of receptors and then fix this parameter in
receptor-rich regions. A problem with this approach, however,
arises when there are no regions with sufficiently low receptor
density, as may be the case with benzodiazepine receptors.
Even the pons, which is sometimes used as a receptor-poor
region, displays a considerable amount @fspecificbinding (12).
Another potential problem might be -that any error in the
parameter estimates made in the reference region will propagate
through all subsequent fits. The approach chosen in this study to
constrain parameters does not require a reference region devoid
of receptors. By simultaneous fitting data from all regions with
coupling of the supposedly constant parameters, the amount of
available data is substantially increased. The procedure was first
applied to the estimation of metabolic parameters in cardiac
PET studies with â€˜â€˜C-acetate (13). The method is highly
successful in increasing the identifiability of parameters, a
phenomenon which is also demonstrated by the reduction of the
coefficient of variation in Tables 2 and @.Furthermore, it is not
sensitive to errors made in individual regions. Caution is
warranted, however, when choosing which parameters to cou
ple. The common values of the coupled parameters are in a way
an average of several regional values@and will therefore be
larger than the ones calculated with no parameter constraints in
some individual regions and smaller i@others. With DV' this
may lead to identifiability problems. If the coupled values are
still smaller than the total distribution@ volume as determined
with no parameter constraints, k3 â€w̃i1l@be decreased and DVs
values, being proportional to the product of DV' and k3', will
still be stable. If, however, the coupled DV' becomes equal or
even larger than the total distribution volume calculated with no
constraints, k3', k4 and DVs lose all physiological meaning.
This problem was encountered in the pOns and the striatum of
two subjects, where the coupling ofonly DV' (method C) led to
physiologically unreasonable values for the receptor-related
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Estimation of the Nonspecific Distribution Volume (DV')
On physiological grounds, regional differences in nonspecific

binding can be assumed to be minimal. With method E and
somewhat less with method D, however, there is a considerable
range of values ( 1.52â€”5.58for method E, and 3.2 1â€”5.77for
method D). Some of this variation may be explained by
distortion effects due to the limited spatial resolution ofthe PET
scanner. These effects lead to a underestimation of the true
count density in smaller structures which is mathematically
reflected in a reduction of Kl and, subsequently, KI-related
parameter combinations such as the distribution volume. This
explanation is supported by the regional distribution of the Kl
values (Table 4) which are lowest in the small structures of the
pons and the striatum. The degree of variation in DV' deter
mined with method E, however, is considerably larger than for
K!, indicating that other effects also contribute to this variation.
Constraining DV' not only removes this variation but also
seems to yield physiologically reasonable values. The ratio of
specific to nonspecific binding (DVs/DV') in occipital cortex is
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parameters. This problem was avoided by coupling only k4 and,
somewhat surprisingly, by coupling DV' and k4. Parameter k4
seems an ideal candidate for coupling. There is good physio
logical evidence to assume that it does not vary much across
regions. Because it is independent of Kl, it will not be affected
by distortion effects.

CONCLUSION
Quantitative receptor imaging with a single bolus injection of

iomazenil and PET is best performed with a three-compartment
model including parameter constraints. In the present study, the
most reliable measure for receptor density was DVs, calculated
by constraining k4 or both k4 and K1/k2' . The applied method
to constrain parameters (simultaneous fitting of data from
multiple brain regions coupled by common parameters) proved
to be effective in increasing the identifiability of parameter
estimates. It does not require a region devoid of receptors, but
warrants careful selection of the parameters to be coupled.
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